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Uncertainty Measures of Extended Hesitant Fuzzy Linguistic Term Sets
Cuiping Wei, Rosa M. Rodrı́guez , and Luis Martı́nez

Abstract—A hesitant fuzzy linguistic term set (HFLTS) is defined as a
subset of ordered consecutive linguistic terms, and it has been success-
fully applied to deal with experts hesitation in decision-making problems
when experts have to provide their assessments. This concept has been
recently extended to manage ordered consecutive and nonconsecutive lin-
guistic terms, called extended HFLTS (EHFLTS), which is used in linguistic
group decision-making problems to represent the group opinion without
loss of information. This paper is focused on studying how to measure the
uncertainty presented by the information of an EHFLTS and also of an
HFLTS. To do so, a new comprehensive entropy measure for EHFLTSs,
which considers two types of uncertainty, fuzziness and hesitation, is pro-
posed. The construction methods of the two types of entropy are studied and
a comprehensive entropy formula is defined. Finally, a comparative study
is carried out to analyze the results obtained from the proposed entropy
measures.

Index Terms—Entropy, extended hesitant fuzzy linguistic term set
(HFLTS), fuzziness, hesitation.

I. INTRODUCTION

F UZZY sets theory has been widely and successfully applied in
many different areas to manage imprecise and vague informa-

tion [8]. However, it presents some limitations to deal with this type
of information when several sources of vagueness appear simultane-
ously. In order to avoid such limitations, different extensions of fuzzy
sets such as Atanassov intuitionistic fuzzy sets [1], type-2 fuzzy sets
[4], fuzzy multisets [22], hesitant fuzzy sets [13], [17] have been pro-
posed. These approaches are applied to problems defined in quantitative
contexts, but the uncertainty is often because of the vagueness of
meanings that are used by experts in qualitative contexts. In these
situations, fuzzy linguistic approach [25] has provided very good re-
sults. Nevertheless, it is also limited mainly regarding the modeling
of the linguistic information, because it is based on the use of single
linguistic terms; sometimes due to the lack of knowledge and informa-
tion, experts can hesitate among different linguistic terms to elicit their
assessments and the use of only one linguistic term is not enough to
represent their knowledge [11]. To deal with these hesitant situations,
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the concept of hesitant fuzzy linguistic term sets (HFLTS) has been in-
troduced to model multiple linguistic terms and increase the flexibility
to express the linguistic information by means of complex linguistic
expressions [12].

An HFLTS is defined as a finite set of consecutive linguistic terms,
because it does not make sense to hesitate among different linguistic
terms and not hesitate in their middle linguistic terms [13]. In group
decision-making problems, multiple experts are involved and usually
their assessments are aggregated to obtain a collective value that repre-
sents the group opinion. However, in order to keep as much information
provided by the experts and avoid losing information in the aggregation
process, an extension of HFLTS, called extended HFLTS (EHFLTS),
has been introduced to deal even with nonconsecutive linguistic
terms [18].

Entropy is a very important concept to measure the uncertainty as-
sociated with fuzzy sets. Zadeh introduced the concept of entropy of a
fuzzy set in 1968 [24]. Since then, different researchers have studied
the entropy measure for fuzzy sets [9], Atanassov intuitionistic fuzzy
sets [2], hesitant fuzzy sets [3], etc. Another view of the concept of en-
tropy measure was proposed in [16] for Atanassov intuitionistic fuzzy
sets, which takes into account two types of uncertainty, fuzziness and
hesitation, and it can be very useful for decision making dealing with
Atanassov intuitionistic fuzzy sets.

Recently Farhadinia [6] presented several entropy measures for
HFLTS based on distance and similarity measures, but such measures
cannot be used for EHFLTS in spite of an HFLTS is a special case of
an EHFLTS. In addition, such definitions only consider the fuzziness
degree of an HFLTS, that is, the deviation of the linguistic terms con-
tained in the HFLTS from the fuzziest element. From our view, not
only the fuzziness should be considered to measure the entropy of an
HFLTS, but also the hesitation of the HFLTS should be included in
such a computation.

The aim of this paper is focused on how to improve the measure-
ment of the uncertainty of an EHFLTS in a comprehensive manner
so that it can capture both types of uncertainty, fuzziness and hesita-
tion. The fuzziness of an EHFLTS can be described by the difference
between the elements of the EHFLTS and the fuzziest value, that is,
the middle term of the linguistic term set, and the hesitation can be
represented by the deviation degree of the linguistic terms contained in
the EHFLTS. Therefore, new entropy measures will be defined to rep-
resent the uncertainty related to an EHFLTS. Such entropy measures
can be also applied to HFLTSs, which is a special case of EHFLTSs,
and a comparison between different entropy measures for HFLTS will
be developed. These entropy measures could be used for computing
weights in multicriteria decision-making problems as other previous
ones [3], [23].

The rest of this paper is structured as follows. Section II introduces
some basic concepts about HFLTS, EHFLTS, and the fuzzy entropy
measure. Section III studies the fuzziness and hesitation measures and
defines a comprehensive entropy measure considering both types of
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uncertainty. Section IV presents a comparative analysis with other
entropy measures for HFLTS. Section V concludes this paper.

II. PRELIMINARIES

This section revises some concepts and basic operations about
HFLTSs and their extension, EHFLTS, in which we focus on our pro-
posal. It also revises the definition and meaning of fuzzy entropy.

A. HFLTSs and Basic Operations

The concept of HFLTS was introduced in [12] to model experts
hesitation in qualitative contexts, because sometimes due to the lack of
information and time pressure, experts feel doubtful in eliciting their
preferences and the use of only one value is not enough to reflect their
knowledge. In such situations, experts can express their preferences by
using linguistic expressions based on HFLTSs.

Definition 1: [12] Let S = {s0 , . . . , sg } be a linguistic term set
with an odd value of granularity and the middle term representing
“approximately 0.5,” an HFLTS HS , is defined as an ordered finite
subset of consecutive linguistic terms of S

HS = {si , si+1 , . . . , sj } such that sk ∈ S, k ∈ {i, . . . , j}. (1)

Example 1: Let S be a linguistic term set S = {nothing,
very bad, bad, medium, good, very good, perfect} and ϑ a linguis-
tic variable, then an HFLTS is

HS (ϑ) = {good, very good, perfect}.
Definition 2: Let HS = {si , si+1 , . . . , sj } be an HFLTS and its

cardinality is defined as the number of linguistic terms contained in the
HFLTS.

Some operations such as the union, intersection, and negation were
presented in [12].

Definition 3: [12] The union between two HFLTSs H1
S and H2

S is
defined as

H1
S ∪ H2

S = {si |si ∈ H1
S or si ∈ H2

S }. (2)

Definition 4: [12] The intersection of two HFLTSs, H1
S and H2

S is

H1
S ∩ H2

S = {si |si ∈ H1
S and si ∈ H2

S }. (3)

Definition 5: The negation operator of an HFLTS, HS =
{si , si+1 , . . . , sj }, is defined as follows:

HS = {sk } (4)

where k = {g − j, g − (j − 1), g − (j − 2), . . . , g − i} and g + 1 is
the granularity of the linguistic term set S.

Despite this concept being quite novel, it has attracted the atten-
tion of many researchers, and different aggregation operators, distance
measures, and decision-making methods have been presented in the
literature [5]–[7], [19], [20].

B. Extended HFLTSs and Basic Operations

Recently, the concept of HFLTS has been generalized to deal with
nonconsecutive linguistic terms [18]. An EHFLTS is built by means of
the union of several HFLTSs.

Definition 6: [18] Let S = {s0 , . . . , sg } be a linguistic term set
with an odd value of granularity and the middle term representing “ap-
proximately 0.5,” an EHFLTS EHS , is an ordered subset of linguistic
terms of S, that is

EHS = {si |si ∈ S}. (5)

Example 2: Let S = {nothing, very bad, bad, medium, good,
very good, perfect} be a linguistic term set, and ϑ be a linguistic

variable, then an EHFLTS is

EHS (ϑ) = {bad, good, very good}.
It is necessary to highlight that the concept of EHFLTS is not used

directly to elicit linguistic information, but experts express their pref-
erences by using HFLTSs and instead of carrying out an aggregation
process to obtain the collective opinion, the group preferences are fused
by means of the union operation of HFLTSs obtaining an EHFLTS.

Remark 1: An HFLTS is a special case of an EHFLTS in which the
linguistic terms are consecutive.

Wang [18] introduced some basic operations for EHFLTSs.
Definition 7: [18] Let S = {s0 , . . . , sg } be a linguistic term set

and let EH1
S and EH2

S be two EHFLTSs, then the union between two
EHFLTSs is defined as

EH1
S ∪ EH2

S = {si |si ∈ EH1
S or si ∈ EH2

S }. (6)

Definition 8: [18] The intersection of two EHFLTSs EH1
S and

EH2
S is

EH1
S ∩ EH2

S = {si |si ∈ H1
S and si ∈ H2

S }. (7)

The result of both operations is another EHFLTS.
Definition 9: The negation operator of an EHFLTS EHS is defined

as follows:

EHS = {sg−i |si ∈ EHS }. (8)

Some aggregation operators and distance measures for EHFLTS have
been defined [18], [21].

C. Fuzzy Entropy Measure

In 1968, Zadeh introduced for the first time the concept of entropy
of a fuzzy set, which may be interpreted as the uncertainty associated
with a fuzzy event [24]. In 1972, De Luca and Termini proposed an
axiomatic definition of the entropy for fuzzy sets [9] by using Shannon’s
entropy [14].

Let ϕ be the class of all the maps from I to L, where I is a finite
set and L is a lattice. For each fuzzy set f ∈ ϕ(I), a measure of the
degree of its fuzziness is introduced, denoted by d(f ), which satisfies
at least the following properties [9].

1) d(f ) = 0, if only if f takes on I the values 0 or 1.
2) d(f ) = 1, if only if f takes the value 0.5.
3) d(f ) ≥ d(f ∗) where f ∗ being any “sharpened” version of f ,

that is, any fuzzy set such that f ∗(x) ≥ f (x) if f (x) ≥ 1/2 and
f ∗(x) ≤ f (x) if f (x) ≤ 1/2.

Definition 10: [9] Let E(f ) be a function on ϕ(I), similar to the
Shannon entropy, whose range is the set of nonnegative real numbers
and defined as follows:

E(f ) = −K

N∑

i=1

f (xi )lnf (xi ) (9)

N being the number of elements of I and K a positive constant.
Definition 11: [9] The fuzziness measure or “entropy” of a fuzzy

set f is defined by

d(f ) = E(f ) + E(f ) (10)

where f = 1 − f (x) satisfies the involution law and De Morgan laws
(see [9] for further details).

The entropy introduced by De Luca and Termini was interpreted as
“quantity of information” and it has been widely used in the fuzzy sets
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theory. Therefore, some proposals about entropy measures for fuzzy
sets and their extensions are based on this definition [15]. Later on, a
new view of entropy measure for Atanassov intuitionistic fuzzy sets
was introduced in [16]. This new entropy measure not only considered
the fuzziness, but also the hesitancy. In a similar way, in [26], an entropy
measure for hesitant fuzzy sets, taking into account the fuzziness and
nonspecificity, was presented.

III. NEW COMPREHENSIVE ENTROPY MEASURE FOR EHFLTSS

This section proposes a new framework to measure the uncertainty
of an EHFLTS taking into account the fuzziness and hesitation. First,
an axiomatic definition of entropy measure for EHFLTS is introduced.
Second, several entropy measures for linguistic terms are presented
and some construction methods of fuzzy and hesitant entropies are
proposed for EHFLTS. Finally, a comprehensive entropy measure for
EHFLTSs is introduced by combining the fuzzy and hesitant entropies.

A. Axiomatic Definition of Entropy for EHFLTS

The deviation function of an EHFLTS EHS reflects the deviation
degree (hesitancy) among the linguistic terms included in the EHFLTS.
It is defined as follows.

Definition 12: Let S = {s0 , s1 , . . . , sg } be a linguistic term set
and EHS = {sα 1 , sα 2 , . . . , sα l

} be an EHFLTS on S. The deviation
function of an EHFLTS EHS is defined as follows:

η(EHS ) =
2

l(l − 1)

l−1∑

i=1

l∑

j= i+1

(
I(sα j

) − I(sα i
)
)

(11)

l being the cardinality of the EHFLTS EHS and I(sα k
) the index of

the linguistic term sα k
.

Remark 2: If the EHFLTS consists of only one linguistic term
EHS = {sα 1 }, then the deviation function η(EHS ) = 0.

Based on the deviation function η(EHS ), an axiomatic definition of
entropy for EHFLTSs is proposed.

Definition 13: Let EHS = {sα 1 , sα 2 , . . . , sα l
} be an EHFLTS on

the linguistic term set S, and EH(S) be the set of all the EHFLTSs.
Let Ef , Eh : EH(S) → [0, 1] be two mappings; if they satisfy the
following axiomatic requirements, then Ef and Eh are the fuzzy and
hesitant entropies of an EHFLTS, respectively.

F1) Ef (EHS ) = 0, if and only if EHS = {s0} or EHS = {sg }
or EHS = {s0 , sg }.

F2) Ef (EHS ) = 1, if and only if EHS = {s g
2
}.

F3) Let EH1
S = {sα 1 , sα 2 , . . . , sα l

} be an EHFLTS, and EH2
S

be another EHFLTS given by changing any element sα i
(i =

1, 2, . . . , l) in EH1
S to sα ′

i
. If |I(sα i

) − g
2 | � |I(sα ′

i
) − g

2 |,
then Ef (EH1

S ) � Ef (EH2
S ).

F4) Ef (EHS ) = Ef (Neg(EHS )), where Neg(EHS ) is the
negation operator of an EHFLTS EHS .

H1) Eh (EHS ) = 0, if and only if EHS = {sα 1 } (no hesitancy).
H2) Eh (EHS ) = 1, if and only if EHS = {s0 , sg } (whole hesi-

tancy).
H3) Eh (EH1

S ) � Eh (EH2
S ), if η(EH1

S ) � η(EH2
S ).

H4) Eh (EHS ) = Eh (Neg(EHS )).

B. Fuzzy Entropy Measures for Linguistic Terms

Following the axiomatic definition of entropy introduced previously,
we propose an entropy measure for linguistic terms, which is the basis
for generating some entropy formulas.

Definition 14: A real-valued function E : S → [0, 1] is an entropy
measure for a linguistic term si ∈ S = {s0 , . . . , sg }, if it satisfies the
following axiomatic requirements.

E1) E(si ) = 0, if and only if si = s0 or si = sg .
E2) E(si ) = 1, if and only if si = s g

2
.

E3) E(si ) � E(sj ), if si � sj � s g
2

or si � sj � s g
2

.
E4) E(si ) = E(Neg(si )).
The negation operator of a linguistic term is Neg(si ) = sg−i .
Theorem 1: Let si be a linguistic term of a linguistic term set S =

{s0 , . . . , sg }. I(si ) denotes the index of the linguistic term si

E(si ) = f

(
I(si )

g

)
(12)

where the function f : [0, 1] → [0, 1] satisfies the following statements.
1) f (1 − x) = f (x), moreover, f (0) = f (1) = 0, f ( 1

2 ) = 1.
2) f (x) is strictly monotone increasing when x ∈ (0, 0.5] and

strictly monotone decreasing when x ∈ [0.5, 1).
Thus, E(si ) is an entropy measure for a linguistic term si .
Proof: It is sufficient to show the mapping E(si ), defined by (12),

for satisfying the conditions (E1)–(E4) in Definition 14.
E1) E(s) = f ( I (s i )

g
) = 0 if and only if I (s i )

g
= 0 or I (s i )

g
= 1

from the properties of the function f , that is, si = s0 or si =
sg .

E2) E(s) = f ( I (s i )
g

) = 1 if and only if I (s i )
g

= 1
2 , that is, si =

s g
2
.

E3) If si � sj � s g
2

, then i � j and f ( i
g
) � f ( j

g
). Thus, E(si ) �

E(sj ).
E4) Since f (1 − x) = f (x), we have E(si ) = f ( i

g
) = f (1 −

i
g
) = E(sg−i ).

�
Theorem 2: Let f : [0, 1] → R be a function and then the following

statements hold:
1) f ′′(x) < 0 on [0, 1];
2) f (x) is strictly monotone increasing on (0, 0.5] and strictly

monotone decreasing on [0.5, 1);
3) f (1 − x) = f (x), moreover, f (0) = f (1) = 0, f (0.5) = 1;

which are satisfied if and only if there exists another function g :
[0, 1] → R such that g′′(x) < 0, and

f (x) =
h(x) − min

0�x�1
h(x)

max
0�x�1

h(x) − min
0�x�1

h(x)

where h(x) = g(x) + g(1 − x).
Proof: The necessary condition can be obtained by letting g(x) =

f (x); therefore, we only prove the sufficiency. Let g(x) be a real
function on [0, 1] with g′′(x) < 0, and h(x) = g(x) + g(1 − x) for
x ∈ [0, 1]. Then, h(x) = h(1 − x) and h′′(x) = g′′(x) + g′′(1 − x) <
0 for each x ∈ [0, 1]. Since g′(x) is decreasing on [0, 1] and h′(x) =
g′(x) − g′(1 − x), we have h′(x) > 0 for x ∈ (0, 0.5), and h′(x) < 0
for x ∈ (0.5, 1], so h(x) is strictly monotone increasing on (0, 0.5]
and strictly monotone decreasing on [0.5, 1). Consequently, h(0) =
h(1) = min

0�x�1
h(x) and h(0.5) = max

0�x�1
h(x). If f (x) = h (x )−h (0)

h (0 .5)−h (0)

for x ∈ [0, 1], then f (x) satisfies the three conditions mentioned. �
From Theorems 1 and 2, we can construct different entropy formulas

by using different convex functions g selected [10].
Definition 15: Let g : [0, 1] → ∞ be a function defined as g(x) =

ax − bx2 with 0 < b ≤ a. Then, g′′(x) < 0. Since h(x) = 2bx(1 −
x) + a − b, min

0�x�1
h(x) = a − b, and max

0�x�1
h(x) = b

2 + a − b, we

have f (x) = 4x(1 − x). From Theorems 1 and 2, the entropy function
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of a linguistic term si ∈ S can be defined as follows:

E1 (si ) = 4
I(si )

g

(
1 − I(si )

g

)
. (13)

Definition 16: Let g : [0, 1] → ∞ be a function defined as
g(x) = −x log x. Then, g′′(x) < 0. We have h(x) = −x log x − (1 −
x) log(1 − x), min

0�x�1
h(x) = 0, max

0�x�1
h(x) = log 2, and f (x) =

−x log x−(1−x ) log(1−x )
log 2 . Therefore, the entropy function of a linguistic

term si ∈ S is defined as follows:

E2 (si ) =
1

log 2

[
− I(si )

g
log

(
I(si )

g

)

−
(

1 − I(si )
g

)
log

(
1 − I(si )

g

) ]
. (14)

Definition 17: Let g : [0, 1] → ∞ be a function defined as g(x) =
xe1−x . Then, g′′(x) < 0. We have h(x) = xe(1−x ) + (1 − x)ex and

f (x) = xe ( 1−x ) + (1−x )ex −1

e
1
2 −1

. Therefore, the entropy function of a lin-

guistic term is as follows:

E3 (si ) =

I (s i )
g

e

(
1− I ( s i )

g

)
+

(
1 − I (s i )

g

)
e

I ( s i )
g − 1

e
1
2 − 1

. (15)

Definition 18: Let g : [0, 1] → ∞ be a function defined as
g(x) = xδ (0 < δ < 1). Then, g′′(x) < 0. Since h(x) = xδ + (1 −
x)δ , min

0�x�1
h(x) = 1, and max

0�x�1
h(x) = 21−δ , we have f (x) =

xδ +(1−x )δ −1
21−δ −1 . So the entropy function of a linguistic term si ∈ S is

E4 (si ) =

(
I (s i )

g

)δ

+
(
1 − I (s i )

g

)δ

− 1

21−δ − 1
. (16)

C. Construction of the Fuzzy Entropy Measure for an EHFLTS

In order to achieve our goal of improving the measurement of the
uncertainty of an EHFLTS considering two types of uncertainty, fuzzi-
ness and hesitation, in this section, some fuzzy entropy measures for
EHFLTSs are proposed based on the entropy formulas defined previ-
ously for linguistic terms {E1 , E2 , E3 , E4}.

Theorem 3: Let EHS = {sα 1 , sα 2 , . . . , sα l
} be an EHFLTS. A

general fuzzy entropy measure of an EHFLTS Ef (EHS ) is defined by

Ef (EHS ) =
1
l

l∑

i=1

E(sα i
). (17)

Proof: Keeping in mind that the entropy measure for linguistic
terms introduced by (12) satisfies the conditions (E1)–(E4), it is easy
to prove that the mapping Ef (EHS ) defined by (17) satisfies the
conditions (F1)–(F4) in the Definition 13. �

The fuzzy entropy measures for EHFLTSs are introduced as follows:

Ef 1 (EHS ) =
1
l

l∑

i=1

4
I(sα i

)
g

(
1 − I(sα i

)
g

)
(18)

Ef 2 (EHS ) =
1
l

l∑

i=1

1
log 2

[
− I(sα i

)
g

log
(

I(sα i
)

g

)

−
(

1 − I(sα i
)

g

)
log

(
1 − I(sα i

)
g

)]
(19)

Ef 3 (EHS ) =
1
l

l∑

i=1

I (sα i
)

g
e

(
1− I ( s α i )

g

)
+

(
1 − I (sα i

)
g

)
e

I ( s α i )
g − 1

e
1
2 − 1

(20)

Ef 4 (EHS ) =
1
l

l∑

i=1

(
I (sα i

)
g

)δ

+
(
1 − I (sα i

)
g

)δ

− 1

21−δ − 1
. (21)

D. Construction of the Hesitant Entropy Measure for an
EHFLTS

The hesitant entropy measure of an EHFLTS is based on the devia-
tion function η(EHS ) introduced in Definition 12, which reflects the
deviation degree of the linguistic terms present in the EHFLTS.

Theorem 4: Let EHS = {sα 1 , sα 2 , . . . , sα l
} be an EHFLTS on

the linguistic term set S = {s0 , . . . , sg }, and let f : [0, 1] → [0, 1]
be a basic unit-interval monotonic (BUM) function that satisfies the
following two conditions.

1) f (0) = f (0), f (1) = f (1).
2) f (x) is strictly monotone increasing on (0, 1].
Then, a hesitant entropy measure for an EHFLTS EHS is defined

as follows:

Eh (HS ) = f

(
1
g
η(HS )

)
. (22)

Proof: It is sufficient to prove the mapping Eh defined by (22),
which satisfies the requirements (H1)–(H4) in Definition 13.

H1) Eh (EHS ) = f ( 1
g
η(EHS )) = 0 if and only if η(HS ) = 0,

and η(HS ) = 0 if and only if the EHFLTS includes only one
linguistic term, that is, EHS = {si}(i = 0, 1, . . . , g).

H2) Eh (EHS ) = f ( 1
g
η(EHS )) = 1 if and only if η(EHS ) =

2
l( l−1)

∑l−1
i=1

∑l
j= i+1 (I(sα j

) − I(sα i
)) = g, if and only if

EHS = {s0 , sg }.
H3) Since f (x) is strictly monotone increasing on (0, 1], we

can obtain the conclusion that if η(EH1
S ) � η(EH2

S ), then
Eh (EH1

S ) � Eh (EH2
S ).

H4) If η(EHS ) = η(Neg(EHS )), then Eh (EHS ) =
Eh (Neg(EHS )).

�
It is necessary to highlight that if the function f (x) in Eh (EHS )

defined by (22) is changed, a family of entropy measures for EHFLTSs
is obtained. For example, suppose that f (x) = xγ with γ > 0, the
hesitant entropy formula is

Ehγ (EHS ) =
(

1
g
η(EHS )

)γ

. (23)

E. Comprehensive Entropy Measure for an EHFLTS

Once, we have studied the fuzzy and hesitant measures to deal with
the uncertainty of an EHFLTS, both measures are combined to obtain
an entropy measure that is able to reflect both types of uncertainty for
an EHFLTS.

Definition 19: Let HS = {sα 1 , sα 2 , . . . , sα l
} be an EHFLTS on a

linguistic term set, S = {s0 , s1 , . . . , sg }. Let Ec : EH(S) → [0, 1] be
a mapping. Then, Ec (EHS ) is a comprehensive entropy of an EHFLTS
EHS , if it satisfies the following statements.

E1) Ec (EHS ) = 0, if and only if EHS = {s0}, EHS = {sg }.
E2) Ec (EHS ) = 1, if and only if EHS = {s g

2
}.

E3) Let EH1
S = {sα 1 , sα 2 , . . . , sα l

} be an EHFLTS, and EH2
S

be another EHFLTS given by changing any element sα i
(i =

1, 2, . . . , l) in EH1
S to sα ′

i
. If |I(sα i

) − g
2 | � |I(sα ′

i
) − g

2 |
and η(EH1

S ) � η(EH2
S ), then Ec (EH1

S ) � Ec (EH2
S ).
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E4) Ec (EHS ) = Ec (Neg(EHS )).
Theorem 5: If a real-valued function Ec : EH → [0, 1] is de-

fined by Ec (EHS ) = f (Ef (EHS ), Eh (EHS )), where the function
f : [0, 1] × [0, 1] → [0, 1] satisfies the following conditions:

1) f (0, 0) = 0, f (1, 0) = 1;
2) f (x, y) is strictly monotone increasing with respect to x and y,

respectively;
then the mapping Ec is a comprehensive entropy measure of the

EHFLTS EHS .
Proof: It is sufficient to prove that the function Ec satisfies the

requirements (E1)–(E4) in Definition 19.
E1) Ec (EHS ) = f (Ef (EHS ), Eh (EHS )) = 0, if and only if

Ef (EHS ) = 0, Eh (EHS ) = 0, if and only if EHS = {s0},
EHS = {sg }.

E2) Ec (EHS ) = f (Ef (EHS ), Eh (EHS )) = 1, if and only if
Ef (EHS ) = 1, Eh (EHS ) = 0, if and only if EHS = {s g

2
}.

E3) Let EH1
S = {sα 1 , sα 2 , . . . , sα l

} be an EHFLTS and EH2
S

be another EHFLTS given by changing any element sα i
(i =

1, 2, . . . , l) in EH1
S to sα ′

i
, if |I(sα i

) − g
2 | � |I(sα ′

i
) − g

2 |
and η(EH1

S ) � η(EH2
S ), then Ef (EH1

S ) � Ef (EH2
S ) and

Eh (EH1
S ) � Eh (EH2

S ). Since f (x, y) is strictly mono-
tone increasing with respect to x and y, then Ec (EH1

S ) �
Ec (EH2

S ).
E4) From Ef (EHS ) = Ef (Neg(EHS )) and Eh (EHS ) =

Eh (Neg(EHS )), then Ec (EHS ) = Ec (Neg(EHS )).
�

Different comprehensive entropy measures for EHFLTSs can be
defined using several special functions f (x). Let us see the following
example.

Example 3: Let f : [0, 1] × [0, 1] → [0, 1] be defined as f (x, y) =
x+β y
1+β y

. Then, f (x, y) satisfies conditions 1 and 2 in Theorem 5. There-
fore, the comprehensive entropy measure of an EHFLTS EHS is given
by

Ecβ (EHS ) =
Ef + βEh

1 + βEh

(24)

with β ∈ [0, 1].
The parameter β can be fixed according to the importance of the

hesitation of an EHFLTS.

IV. COMPARISON STUDY ABOUT ENTROPY MEASURES

This section makes a comparative analysis among the proposed en-
tropy measures for EHFLTSs and some entropy measures introduced
for HFLTSs, which is a special case of EHFLTSs. To do so, two en-
tropy measures for HFLTSs are revised and an example is introduced
to compute the entropy with the proposed entropy measures and the
revised ones for HFLTS. Afterward, an analysis of the results obtained
is carried out.

A. Entropy Measures for HFLTSs

As far as we know, there is no any study of the entropy measure for an
EHFLTS and there is only one paper introduced by Farhadinia [6] that
studies the relationship between the entropy measure and the similarity
measure for HFLTS and proposes a variety of entropy measures for
HFLTSs based on the distance and similarity measures. Therefore, the
entropy measures based on the generalized distance and generalized
similarity proposed by Farhadinia are revised, the remaining ones are
special cases of these two definitions and can be found in [6].

For convenience to carry out the comparison in a proper way, the
entropy measures defined by Farhadinia [6] on the linguistic term set

S ′ = {s−τ , . . . , s−1 , s0 , s1 , · · · , sτ } are adapted to use the same lin-
guistic term set S = {s0 , s1 , . . . , sg } used in the proposed entropy
measures.

Definition 20: Let HS = {sα 1 , sα 2 , . . . , sα l
} be an HFLTS de-

fined on the linguistic term set S = {s0 , s1 , . . . , sg }, the entropy mea-
sure based on the generalized distance is defined by

EF λ
1

= 1 − 2

(
1
l

∑l

i=1

( |I(sα i
) − g/2|
g

)λ
) 1

λ

(25)

l being the cardinality of the HFLTS, HS , and λ > 0.
Definition 21: Let HS = {sα 1 , sα 2 , . . . , sα l

} be an HFLTS de-
fined on the linguistic term set S = {s0 , s1 , . . . , sg }, the entropy mea-
sure based on the generalized similarity is defined as follows:

EF λ
2

= 1 −
(

1
l

∑l

i=1

( |I(sα i
) − g/2|

g/2

)λ
) 2

λ

(26)

l being the cardinality of the HFLTS HS and λ > 0.

B. Computations and Comparisons

Some examples of HFLTSs and EHFLTSs are introduced and their
entropies are calculated by the proposed entropy measures Ef 1 , Ef 2 ,
Ef 3 , Ef 4 (with δ = 0.5), Ehγ (with γ = 1), and Ecβ (with β = 0.4),
respectively. The entropy measures for HFLTSs EF λ

1
and EF λ

2
(with

λ = 1), are also computed. The results are shown in Table I.
Example 4: Let S = {s0 : nothing, s1 : very low, s2 : low, s3 :

slightly low, s4 : medium, s5 : slightly high, s6 : high, s7 :
very high, s8 : perfect} be a linguistic term set, and let

H1
S = {s0}, H2

S = {s1}, H3
S = {s0 , s1 , s2}, H4

S = {s3}
H5

S = {s2 , s3 , s4}, H6
S = {s4}, EH7

S = {s0 , s2 , s3}
EH8

S = {s0 , s2 , s4}, H9
S = {s6 , s7 , s8}

be nine EHFLTSs in which seven are HFLTSs.

C. Analysis of Results

Before introducing the analysis of the results obtained in Table I, the
following definition is revised because it is used in the analysis.

Definition 22: [18] Let EHS = {sα 1 , sα 2 , . . . , sα l
} be an

EHFLTS on the linguistic term set S = {s0 , . . . , sg }, the average of
an EHFLTS is given by

θ(EHS ) = sα such that α =
1
l

l∑

i=1

I(sα i
). (27)

It is easy to see in Table I that the results shown in bold type reflect
some counter-intuition examples regarding the entropy measures EF λ

1

and EF λ
2

. For instance, if we consider H2
S and H3

S , we can see that

θ(H2
S ) = θ(H3

S ) = s1 , but the result of the deviation function shows
that η(H2

S ) < η(H3
S ). Thus, the uncertainty of H2

S and H3
S should be

different. However, according to the entropy measures EF 1
1

and EF 1
2

,

we can see that EF 1
1
(H2

S ) = EF 1
1
(H3

S ) and EF 1
2
(H2

S ) = EF 1
2
(H3

S ),
which is not consistent with our intuition.

The proposed entropy measures Ecβ are effective because they re-
flect the hesitation and fuzziness, and therefore the results obtained
are different; thus, it is possible to distinguish between H2

S and H3
S .

Similarly for H4
S and H5

S .
Farhadinia entropy measures cannot be applied to the EHFLTS,

EH7
S and EH8

S ; however, the proposed entropy measures offer more
flexibility and they can be applied to both HFLTS and EHFLTS.
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TABLE I
THE ENTROPIES OF Hi

S (i = 1, 2, . . . , 9) BY DIFFERENT ENTROPY MEASURES

H 1
S H 2

S H 3
S H 4

S H 5
S H 6

S EH 7
S EH 8

S H 9
S

η(HS ) 0 0 1.333 0 1.333 0 2 2.667 1.336
Ef 1 (Hi

S ) 0 0.438 0.396 0.938 0.896 1 0.563 0.583 0.396
Ef 2 (Hi

S ) 0 0.544 0.452 0.954 0.922 1 0.588 0.604 0.452
Ef 3 (Hi

S ) 0 0.449 0.403 0.940 0.900 1 0.566 0.586 0.403
Ef 4 (Hi

S ) 0 0.698 0.527 0.973 0.952 1 0.619 0.628 0.527
Eh1 (Hi

S ) 0 0 0.167 0 0.167 0 0.25 0.33 0.167
Ec0 .4 = f (Ef 1 , Eh1 ) 0 0.438 0.434 0.938 0.903 1 0.603 0.632 0.434
Ec0 .4 = f (Ef 2 , Eh1 ) 0 0.544 0.486 0.954 0.927 1 0.625 0.651 0.486
Ec0 .4 = f (Ef 3 , Eh1 ) 0 0.449 0.440 0.940 0.906 1 0.606 0.635 0.440
Ec0 .4 = f (Ef 4 , Eh1 ) 0 0.698 0.557 0.973 0.955 1 0.654 0.672 0.557
EF 1

1
(Hi

S ) 0 0.250 0.250 0.750 0.750 1 – – 0.25

EF 1
2

(Hi
S ) 0 0.438 0.438 0.938 0.938 1 – – 0.438

It is remarkable to mention that the EHFLTS EH7
S and EH8

S

satisfy the condition E3 of the Definition 19, because |I(s3 ) −
g/2| ≥ |I(s4 ) − g/2| and η(H7

S ) ≤ η(H8
S ) and then Ec0 .4 (EH7

S ) ≤
Ec0 .4 (EH8

S ). It is easy to see that Neg(H3
S ) = H9

S , and the re-
sults obtained from Ec0 .4 (H3

S ) = Ec0 .4 (H9
S ), therefore, it satisfies the

condition E4 of Definition 19.

V. CONCLUSION

This paper shows the necessity of considering two types of un-
certainty associated with EHFLTS for measuring their entropy in an
intuitive way. The first kind is associated with the fuzziness in the set
and the second one is the hesitation represented by the deviation de-
gree of the linguistic terms contained in the EHFLTS. Consequently, we
have proposed the construction methods of the hesitant and fuzzy en-
tropy measures and introduced a comprehensive entropy measure that
considers both types of uncertainty. These entropy measures can be ap-
plied to EHFLTS and HFLTS, which is a special case of an EHFLTS.
A comparison with previous entropy measures defined for HFLTS has
been carried out to show the validity and effectiveness of our proposal.
The proposed entropy measures can be directly applied to compute
the weights in multicriteria decision-making problems dealing with
HFLTS and EHFLTS in their definition contexts.
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[11] R. M. Rodrı́guez, Á. Labella, and L. Martı́nez, “An overview on fuzzy
modelling of complex linguistic preferences in decision making,” Int. J.
Comput. Intell. Syst., vol. 9, pp. 81–94, 2016.

[12] R. M. Rodrı́guez, L. Martı́nez, and F. Herrera, “Hesitant fuzzy linguistic
term sets for decision making,” IEEE Trans. Fuzzy Syst., vol. 20, no. 1,
pp. 109–119, Feb. 2012.

[13] R. M. Rodrı́guez, L. Martı́nez, V. Torra, Z. S. Xu, and F. Herrera, “Hesitant
fuzzy sets: State of the art and future directions,” Int. J. Intell. Syst., vol. 29,
no. 6, pp. 495–524, 2014.

[14] C. E. Shannon, “A mathematical theory of communication,” Bell Syst.
Tech. J., vol. 27, pp. 623–656, 1948.

[15] E. Szmidt and J. Kacprzyk, “Entropy for intuitionistic fuzzy sets,” Fuzzy
Set Syst., vol. 118, no. 3, pp. 467–477, 2001.

[16] E. Szmidt, J. Kacprzyk, and P. Bujnowski, “How to measure the amount
of knowledge conveyed by Atanassov’s intuitionistic fuzzy sets,” Inf. Sci.,
vol. 257, pp. 276–285, 2014.

[17] V. Torra, “Hesitant fuzzy sets,” Int. J. Intell. Syst., vol. 25, no. 6, pp. 529–
539, 2010.

[18] H. Wang, “Extended hesitant fuzzy linguistic term sets and their aggrega-
tion in group decision making,” Int. J. Comput. Intell. Syst., vol. 8, no. 1,
pp. 14–33, 2015.

[19] C. Wei, Z. Ren, and R. M. Rodrı́guez, “A hesitant fuzzy linguistic TODIM
method based on a score function,” Int. J. Comput. Intell. Syst., vol. 8, no. 4,
pp. 701–712, 2015.

[20] C. Wei, N. Zhao, and X. Tang, “Operators and comparisons of hesi-
tant fuzzy linguistic term sets,” IEEE Trans. Fuzzy Syst., vol. 22, no. 3,
pp. 575–585, Jun. 2014.

[21] C. Wei, N. Zhao, and X. Tang, “A novel linguistic group decision-making
model based on extended hesitant fuzzy linguistic term sets,” Int. J. Un-
certain. Fuzziness Knowl.-Based Syst., vol. 23, no. 3, pp. 379–398, 2015.

[22] R. R. Yager, “On the theory of bags,” Int. J. Gener. Syst., vol. 13, pp. 23–37,
1986.

[23] J. Ye, “Multicriteria fuzzy decision-making method using entropy weights-
based correlation coefficients of interval-valued intuitionistic fuzzy sets,”
Appl. Math. Model., vol. 34, no. 12, pp. 3864–3870, 2010.

[24] L. Zadeh, “Probability measures of fuzzy events,” J. Math. Anal. Appl.,
vol. 23, no. 2, pp. 421–427, 1968.

[25] L. Zadeh, “The concept of a linguistic variable and its applications to
approximate reasoning,” Inf. Sci., Part I, II, III, vols. 8/9, pp. 199–249;
301–357; 43–80, 1975.

[26] N. Zhao, Z. S. Xu, and F. Liu, “Uncertainty measures for hesitant fuzzy
information,” Int. J. Intell. Syst., vol. 30, no. 7, pp. 818–836, 2015.



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /sRGB
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 0
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts false
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /Algerian
    /Arial-Black
    /Arial-BlackItalic
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialUnicodeMS
    /BaskOldFace
    /Batang
    /Bauhaus93
    /BellMT
    /BellMTBold
    /BellMTItalic
    /BerlinSansFB-Bold
    /BerlinSansFBDemi-Bold
    /BerlinSansFB-Reg
    /BernardMT-Condensed
    /BodoniMTPosterCompressed
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BookshelfSymbolSeven
    /BritannicBold
    /Broadway
    /BrushScriptMT
    /CalifornianFB-Bold
    /CalifornianFB-Italic
    /CalifornianFB-Reg
    /Centaur
    /Century
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbook-Italic
    /Chiller-Regular
    /ColonnaMT
    /ComicSansMS
    /ComicSansMS-Bold
    /CooperBlack
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /EstrangeloEdessa
    /FootlightMTLight
    /FreestyleScript-Regular
    /Garamond
    /Garamond-Bold
    /Garamond-Italic
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /Haettenschweiler
    /HarlowSolid
    /Harrington
    /HighTowerText-Italic
    /HighTowerText-Reg
    /Impact
    /InformalRoman-Regular
    /Jokerman-Regular
    /JuiceITC-Regular
    /KristenITC-Regular
    /KuenstlerScript-Black
    /KuenstlerScript-Medium
    /KuenstlerScript-TwoBold
    /KunstlerScript
    /LatinWide
    /LetterGothicMT
    /LetterGothicMT-Bold
    /LetterGothicMT-BoldOblique
    /LetterGothicMT-Oblique
    /LucidaBright
    /LucidaBright-Demi
    /LucidaBright-DemiItalic
    /LucidaBright-Italic
    /LucidaCalligraphy-Italic
    /LucidaConsole
    /LucidaFax
    /LucidaFax-Demi
    /LucidaFax-DemiItalic
    /LucidaFax-Italic
    /LucidaHandwriting-Italic
    /LucidaSansUnicode
    /Magneto-Bold
    /MaturaMTScriptCapitals
    /MediciScriptLTStd
    /MicrosoftSansSerif
    /Mistral
    /Modern-Regular
    /MonotypeCorsiva
    /MS-Mincho
    /MSReferenceSansSerif
    /MSReferenceSpecialty
    /NiagaraEngraved-Reg
    /NiagaraSolid-Reg
    /NuptialScript
    /OldEnglishTextMT
    /Onyx
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /Parchment-Regular
    /Playbill
    /PMingLiU
    /PoorRichard-Regular
    /Ravie
    /ShowcardGothic-Reg
    /SimSun
    /SnapITC-Regular
    /Stencil
    /SymbolMT
    /Tahoma
    /Tahoma-Bold
    /TempusSansITC
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanMTStd
    /TimesNewRomanMTStd-Bold
    /TimesNewRomanMTStd-BoldCond
    /TimesNewRomanMTStd-BoldIt
    /TimesNewRomanMTStd-Cond
    /TimesNewRomanMTStd-CondIt
    /TimesNewRomanMTStd-Italic
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /Times-Roman
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /VinerHandITC
    /Vivaldii
    /VladimirScript
    /Webdings
    /Wingdings2
    /Wingdings3
    /Wingdings-Regular
    /ZapfChanceryStd-Demi
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 150
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 150
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 150
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e55464e1a65876863768467e5770b548c62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc666e901a554652d965874ef6768467e5770b548c52175370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF adatti per visualizzare e stampare documenti aziendali in modo affidabile. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 5.0 e versioni successive.)
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020be44c988b2c8c2a40020bb38c11cb97c0020c548c815c801c73cb85c0020bcf4ace00020c778c1c4d558b2940020b3700020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken waarmee zakelijke documenten betrouwbaar kunnen worden weergegeven en afgedrukt. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create PDFs that match the "Suggested"  settings for PDF Specification 4.0)
  >>
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


